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Abstract

In canonical correlation analysis which studies the correlations between
two sets of random variables, assume that these sets have a linear
structure, but if this assumption dose not achieve, so the using of
classical canonical correlation method isn’t suitable thus we can turn
into kernel method which is able to deal with this case. In this paper
many of kernel functions is used (Quartic (Biweight) and Epanechnikov
functions) in purpose of comparing between classical and kernel
methods by using simulation.
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